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Executive Summary

Many credit professionals are already using Al chat tools (ChatGPT, Claude, and similar platforms)
informally and on an individual basis. They open a browser, type a question, get an answer that ranges
from useful to generic, and close the tab. Nothing is saved. Nothing is repeatable. The next time a
similar task comes up, the process starts from zero.

This whitepaper addresses that gap directly. It is a practical guide for installing a small set of prompt
design patterns across the tasks credit professionals already do, making the Al interaction as reliable
and reusable as an Excel template. No workflow overhaul required. No new software.

Readers will find six named prompt patterns mapped to everyday credit tasks, including credit
communications, financial statement analysis, contract clause review, legal concept interpretation,
escalation memos, dispute analysis, and customer risk research. Each pattern includes a ready-to-
use template with bracketed placeholders and a plain explanation of why it works. The whitepaper
closes with a 30-60-920 day implementation plan for standardizing Al-assisted work inside a credit
department, without IT involvement and without formal training.

Key Findings at a Glance

® 23% of credit professionals use ChatGPT for customer research; generating responses to
customer inquiries is the most common use among adopters (NACM eNews, 2024)

®  About 37% of credit teams are using Al in limited ways; 25% have fully integrated it into decision-
making workflows (NACM/Nuvo B2B Credit Insights Survey, 2025)

® Structured prompts improved Al accuracy from 74% to 95% in a peer-reviewed benchmarked
study (Wang et al., Frontiers in Al, 2025)

® Prompt-template approaches are associated with more consistent, reusable outputs than one-off
prompts in professional settings (MIT Sloan Management Review, 2025)

® Theshare of U.S. work hours spent using generative Al rose from 4.1% in November 2024 to
5.7% in August 2025 (St. Louis Federal Reserve, 2025)

Turning One-Off Al Chats into Reliable Credit Workflows
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The Core Diagnosis:
A Brilliant Consultant Who
Never Gets to Read the Files

The way most credit managers currently use Al chat tools (typing a fresh request each time,
getting a result, discarding the session, starting over tomorrow) is the equivalent of hiring a
brilliant consultant and never letting them read your files. Every interaction starts from zero.
Output quality varies because input quality varies. And because nothing is saved or systematized, the
team cannot benefit from what one person figured out.

This reflects the natural trajectory of early-stage technology adoption. Credit professionals have
identified real use cases: writing collection letters, researching customer backgrounds, interpreting
legal concepts, and drafting internal memos. They have begun exploring them. What is missing is the
structural layer that converts exploration into efficiency.

NACM member research and community reporting have documented this adoption curve in real
time. A 2024 NACM poll found that 23% of credit professionals use ChatGPT to research customer
information. Practitioners across the membership describe using Al to draft collection letters at
different tones, request multiple letter variations to combine the best elements, and deliberately
omit customer names from prompts to avoid leaving sensitive data in a third-party system. These are
the instincts of capable professionals finding their footing with a new tool. What they describe is not
yet a system.

The Adoption Gap in Numbers

N

37% 25% 20%

of credit teams use Al in have fully integrated it into are exploring Al options
limited ways decision-making workflows for the first time in 2025
(NACM/Nuvo, 2025) (NACM/Nuvo, 2025) (NACM/Nuvo, 2025)
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The Foundational Principle:
Every Prompt Has Four Jobs

Before any specific patterns, credit professionals need one mental model to anchor everything
else. A good prompt frames role, task, context, constraints, and output format so the model can
follow intent precisely. In practice for credit work, this collapses to four questions to answer before
submitting any prompt.

The Four-Question Framework

1. Who is the Al supposed to be? (Role)

2. What exactly is needed? (Task)

3. What does it need to know to do this well? (Context, Constraints)
4. What should the output look like? (Format)

Most ad hoc prompts answer only question two. That is why the outputs feel generic. Adding
the other three questions costs about thirty seconds and reliably produces better results. The
comparison below illustrates the difference in practical terms.

Ad Hoc Prompt (Typical)

“Write me a collection letter with a firm tone.”

° Result: generic bank-compliance tone; requires heavy rewriting

Structured Prompt (Ideal)

“You are an experienced B2B trade credit manager at a
manufacturing supplier. Write a 200-word collections letter for
a commercial customer 35 days past due on a $12,000 invoice
with Net 30 terms. The customer has an otherwise good payment
history. Tone: professional and firm, relationship-preserving.
Do not threaten legal action. Output: a ready-to-send letter

with a subject line.”

° Result: near-ready letter, specific to the situation, correct tone, minimal editing required

handle.com Turning One-Off Al Chats into Reliable Credit Workflows
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Anatomy of a Structured Prompt

Most ad hoc prompts answer only one question: what do | need? A structured prompt answers four. Below, two real credit
prompts are annotated to show exactly which words do which job and why that structure produces better output every time.

ROLE CONTEXT C CONSTRAINTS T TASK 0 OUTPUT
Who the Al should be What it needs to know Tone, limits, exclusions What you need done Format of the result

» Example 1 — Collections Communication

Pattern: Role-First Opener | Best for: collection letters, credit holds, denial messages

. . . . Defines expertise and voice. Changes the
» You are an experienced B2B trade credit manager at a mid-sized entire register of the output.

manufacturing supplier.» Customer has a 3-year relationship and is 47 days
past due on $18,500—Net 30 terms. Payment history was reliable until the Tenure, amount, days past due — Al
past two quarters. cannot infer these. You must supply them.

Tone direction + explicit exclusion. What
Al should NOT do matters as much as
what it should.

» Draft a collections email requesting a specific payment commitment date. 3drafts requested, not just a letter. Asking

. . . i for multiple versions is a key upgrade.
Provide three versions: Firm, Moderate, and Conciliatory.

. . . . . . Structural spec: labeled versions + subject
» Output: each version with subject line, opening, body, and closing. line per version. Reduces editing time.

WHY STRUCTURE MATTERS:

—Without Role —Without Context —Without Output Spec
Generic bank-compliance Al invents plausible but wrong One draft returned; no subject
tone; sounds like a form letter details; requires full rewrite line; extra editing required

» Example 2 — Financial Statement Analysis

Pattern: Structured Data Drop | Best for: credit limit sizing, ratio review, risk assessment

Sets your lens: trade creditor, not bank
I am a trade credit manager evaluating a new account: building materdials loan officer

distributor. Considering $75,000 credit limit, Net 30 terms. Three years

. . . . Industry + limit + terms frame the risk
of financials: [paste financial statements here] b 1At e At

question before data is dropped in

(1) Calculate current ratio, quick ratio, and debt-to-equity. Nuae] ees, e Ge GuESEn.
(2) Flag year-over-year deterioration. Forces better reasoning.

"Not a bank" redirects Al from loan-risk
to supplier-risk logic

(4) List what additional information I should request before approving.

Output: brief risk summary + green / yellow / red credit signal. Traffic-light signal = actionable decision,

not just analysis

THE REUSABILITY PRINCIPLE:

Save both prompts above with bracketed placeholdersin a shared doc titled Credit Al Prompts. Fill in the brackets before each use. The frame never
changes — only the specifics do. Three months of this habit builds a library that produces near-ready output every time.

Turning One-Off Al Chats into Reliable Credit Workflows



Six Prompt Design Patterns
for Credit Work

Each pattern below maps directly to a recurring credit management task. The intent is that a
credit team can save these as named templates in a shared document, a OneNote page, or within
ChatGPT’s Custom Instructions or Claude’s Projects feature, and call them up by name. The bracketed
placeholders are the only elements that change between uses.

1 THE ROLE-FIRST OPENER

Best for: collection letters, credit holds, denial messages, customer-facing communications

Open every communication prompt by assigning a specific professional identity, then give the situation with
specifics.

You are an experienced B2B trade credit manager at a
[manufacturing / building materials / industrial supply]
company. You are writing to a customer who has been with us for
[X years] and is currently [X days] past due on [$amount] with
[Net 30 / Net 60] terms. Their payment history has been [good /
mixed / declining].

Tone: [firm but relationship-preserving / urgent but
professional].

Draft a [collections email / credit hold notice / denial letter]
that [specific goal: prompts payment commitment / preserves the
account].

Provide three versions: firm, moderate, and conciliatory.
Output: each version labeled, with a subject line.

The problem this solves: Collection letters and credit denial messages written with vague prompts come back
sounding like form letters from a bank’s compliance department, not from a trade creditor who has a relationship
with the customer. The role instruction changes the output fundamentally. When the Al is told it is an experienced
B2B trade credit manager at an industrial supplier, it stops writing like a generic finance bot and starts writing like
someone who understands that this customer also places $2M in orders per year.

handle.com Turning One-Off Al Chats into Reliable Credit Workflows



2 THE STRUCTURED DATA DROP

Best for: financial statement analysis, ratio review, credit limit sizing

Credit managers paste raw financials into Al chat and ask ‘does this look okay? The answer is always unhelpfully
general because the Al has no idea what industry the company is in, what credit limit is being considered, or what
specific risks to flag.

The key phrase in this template (‘relevant to a trade creditor, not a bank’) is load-bearing. It redirects analysis
away from loan-underwriting logic toward trade-specific concerns: working capital, payables behavior, and

cash conversion cycle. Asking the Al to produce four numbered outputs rather than one open-ended answer
encourages step-by-step reasoning and tends to improve the analytical quality of the response.

I am a trade credit manager evaluating a [new / existing]
customer 1in the [industry] sector. I am considering a credit
limit of [$X] with [Net 30 / Net 60] terms.

Below are [three years of / the most recent year of] financial
data for this private company: [paste numbers, ratios, or
financial summary]

Please:

(1) Calculate or confirm the current ratio, quick ratio, and
debt-to-equity.

(2) Flag any year-over-year deterioration.

(3) Identify the top 2-3 risk signals relevant to a trade
creditor, not a bank.

(4) Summarize in plain language what I should ask for before
approving.

Output: a brief risk summary followed by a green / yellow / red

credit risk signal.

Turning One-Off Al Chats into Reliable Credit Workflows



3 THE CONSTRAINT FRAME

Best for: contract review, pay-when-paid clauses, lien waiver language, security rights

Credit managers paste contract sections into Al and receive back a summary that reads like a first-year law
student wrote it: technically accurate but not oriented to the specific risk a trade creditor faces. The explicit
exclusion (‘do not summarize the entire contract’) is as important as what is asked for. \Without it, the Al
produces five paragraphs of things the credit manager already knows or does not need.

Review the following contract language ONLY for provisions that
affect:

(1) My right to payment as a supplier or subcontractor

(2) Pay-when-paid or pay-if-paid clauses

(3) Lien waiver requirements

(4) Dispute resolution or offset rights that could delay payment

Do not summarize the entire contract.

For each issue found, tell me:

- What it says

- What it means for me as a trade creditor

- What I should ask legal to clarify or push back on

Output: a numbered list. If no issues are found, say so clearly.

Contract language: [paste]

A Note From Handle.com’s Perspective

At Handle.com, we work with material suppliers and contractors nationwide on lien rights and payment compliance.
We see the situation in [Pattern 3] surface consistently: credit teams encounter pay-when-paid clauses and
problematic lien waiver language for the first time at the moment of dispute, not during onboarding. At that stage,

most contractual leverage has already been exhausted.

Al won't file your preliminary notices or track lien deadlines. But it can help your team recognize problematic
contract language earlier in the relationship, ask better questions before signing, and document concerns before

they become write-offs. That earlier intervention is where the real recovery protection lives.

10 handle.com Turning One-Off Al Chats into Reliable Credit Workflows



THE FEW-SHOT CALIBRATOR

Best for: building a consistent department voice across all letter types

Even a well-worded prompt like ‘write me a firm but professional collections letter’ produces something that does
not sound like the company’s voice. The few-shot technique (providing one example of a letter the department has
already sent) produces notably more consistent results for tone, length, and structural patterns than descriptions
alone. One good letter becomes a calibration example. The Al learns what ‘us’ sounds like.

Below is an example of a collections communication our credit
department has sent before that we consider effective:

[Paste example, with all customer qidentifying information
removed]

Using this as a style reference for tone, length, and structure,
write a new [collections email / credit hold letter / payment

arrangement confirmation] for the following situation:

Situation: [describe: days past due, amount, relationship
history,
desired outcome]

Match the directness and professionalism of the example. Do not
copy phrases from 1it; use it only for voice and structure.

This is how credit departments build a consistent written voice without a formal style guide, and without every
letter sounding like it came from a different person.

Turning One-Off Al Chats into Reliable Credit Workflows



5 THE DECISION MEMO GENERATOR

Best for: CFO/VP escalations, large credit limit approvals, risky account recommendations

When a credit manager needs senior management sign-off on a large credit limit or a risky approval, the
justification memo is typically written from scratch each time, pulling together bureau data, financial ratios,
relationship history, and a recommendation into a coherent narrative. The structure varies, the time investment is
high, and the output quality depends on how tired the credit manager is that afternoon.

You are a trade credit manager preparing a credit recommendation
memo for senior management review.

Customer: [use placeholder only: e.g., “Customer A”]
Industry: [industry]

Requested credit limit: [$X]

Payment terms requested: [terms]

Credit bureau highlights: [key data points]

Financial statement summary: [key ratios or observations]
Trade reference summary: [what references said]

Relationship history: [how long, payment behavior, any prior
issues]

Recommendation: [approve / approve with conditions / decline]
Conditions if any: [e.g., personal guarantee, reduced limit]

Write a professional one-page credit recommendation memo that:
- States the recommendation upfront
- Supports it with the facts above

- Uses business language accessible to a CFO or VP

- Ends with a clear ask for approval or a specific next step

handle.com Turning One-Off Al Chats into Reliable Credit Workflows



THE DISPUTE ANALYSIS FRAME

Best for: invoice disputes, deduction management, short-payment analysis

Invoice disputes and short payments are among the most time-consuming recurring tasks in credit management.
Eachdispute requires the credit manager to reconstruct the transaction sequence, identify the likely source of
disagreement, and draft a response that is factually grounded without poisoning the customer relationship. Al
can compress the analysis and drafting phase significantly, provided the prompt is structured to produce a
decision-useful output rather than a generic summary.

I am a trade credit manager handling an invoice dispute. Here
are the facts:

Invoice amount: [$X]

Amount paid / deducted: [$Y]

Stated reason for dispute or deduction: [customer’s stated
reason]

Invoice date: [date]

Payment terms: [terms]

Product / service involved: [type, no proprietary names]

Prior dispute history with this account: [yes/no; brief summary]

Please:

(1) Identify the most likely legitimate vs. dillegitimate reasons
for this dispute type in a B2B trade credit context

(2) List the documentation I should gather before responding

(3) Draft a professional response email acknowledging the
dispute and requesting resolution: firm but relationship-
preserving

(4) Suggest a fallback position if the dispute has merit

Output: analysis first, then draft email.

This pattern is especially useful for credit managers who handle high-volume deduction disputes across many
accounts, where consistent framing and documentation habits directly affect recovery rates.

Turning One-Off Al Chats into Reliable Credit Workflows



The One Habit That Ties All
Patterns Together: The Prompt File

All six patterns described above are only useful if they are saved, labeled, and accessible when
needed. The structural habit that converts occasional good prompts into a team asset is simple:
ashared document titled ‘Credit Al Prompts, organized by use case, with bracketed placeholders
where the situation-specific details go.

For a single credit manager, a Word doc or Notepad file with six to ten templates is enough. For a
team of two or three, a shared folder with a naming convention (e.g., COMM_01_CollectionEmail,
ANALYSIS_01_FinancialReview) works well. The file should be treated as a living tool: updated when
prompts improve, trimmed when they go stale.

The discipline is straightforward: when a prompt produces a notably good output, save the prompt.
When a prompt consistently produces mediocre output, revise the opener or add a constraint, and
save the revised version. Over three months, this discipline can replace many ad hoc queries with a
personal library that tends to produce more reliable, professional outputs in a fraction of the time.

Setting Up Custom Instructions (ChatGPT) or a Project (Claude)

Both ChatGPT and Claude allow users to pre-load a persistent context: a standing brief
injected into every new conversation. A credit manager can load something like:

“I am a trade credit manager at an industrial manufacturer.

My company extends Net 30 trade credit to B2B customers. When

I ask for help with communications, default to professional,
relationship-preserving tone unless I specify otherwise. Always

ask for clarification if the dollar amount or customer type is

unspecified. Never include real company names or customer names
in your outputs.”

I This eliminates the need to re-establish context in every session and produces more consistent outputs immediately.

handle.com Turning One-Off Al Chats into Reliable Credit Workflows



The Non-Negotiable:
Privacy Before Every Prompt

The informal rule most credit professionals already follow (no real customer names in prompts)
should be formalized into a three-second habit. Before submitting any prompt, scan it for
personally identifiable or commercially sensitive information: company names, individual names,
invoice numbers, account numbers, tax 1Ds, and bank details. Replace all of it with placeholders.

® Replace This ® With This

Acme Construction LLC [Customer A: regional construction contractor]
Invoice #INV-2024-105 for $47,200 [$47,200 dinvoice, Net 30 terms]

John Reyes, CFO [Customer’s CFO]

Account #00148293 [account placeholder]

This discipline does not reduce output quality. The Al does not need real names to write a
professional collection letter. What it needs is the situation: dollar amount, days past due, relationship
context, desired outcome. Placeholders provide all of that without creating an information
governance risk.

Credit departments that formalize this as a team habit (adding a one-line privacy reminder at the top
of the Prompt File) are positioned to expand Al use confidently as company Al policies evolve.

Turning One-Off Al Chats into Reliable Credit Workflows



Know the Limits:
An Important Guardrail

The six patterns in this whitepaper are designed for judgment-support tasks: writing, analysis
framing, research structuring, communication drafting, and legal concept explanation. They
are not a substitute for a credit decision engine, a bureau report, a UCC deadline tracker, or FCIB’s
international country risk resources.

The credit manager’s institutional knowledge (a prior bad debt, a verbal commitment from a CFO, a
site visit that turned up red flags, a pattern of payment behavior that predates the current AR aging)
will never live in a prompt. These patterns make the surrounding work faster and more consistent.
The judgment remains entirely human.

The Right Boundaries for Al-Assisted Credit Work

® AICAN © AICANNOT

access real-time bureau data, file UCC continuations,
draft letters, structure analysis, interpret legal concepts track lien deadlines, know your customer’s payment
frame decisions for communication, synthesize research history, replace the credit manager’s institutional memory
®@ ALWAYS © NEVER
verify legal interpretations with counsel before acting; input real customer names, account numbers, invoice |Ds,
verify financial conclusions against source documents or other identifying data into a public Al chat tool

The Hallucination Problem

Al can be confidently wrong. This is a documented behavior of every major Al model in use today.
Asked to calculate a current ratio from a pasted financial statement, Al can produce a plausible-looking
number that is simply incorrect. Asked to interpret a legal concept, it can cite a case that does not exist,
stated with complete authority.

This doesn’t make the tools unusable. It makes verification non-negotiable. Every financial figure

Al produces should be checked against the source document. Every legal interpretation should be
confirmed with counsel before any action is taken. The patterns in this guide are designed to produce
better first drafts and sharper analysis frames, not to replace the final check.

Treat Al output the way you'd treat a capable but junior analyst’s work: useful, worth reviewing, never
the last word.

16 handle.com Turning One-Off Al Chats into Reliable Credit Workflows



The 30-60-90 Day
Implementation Plan

The patterns and habits described in this whitepaper do not require new software, IT
involvement, or formal training. The implementation path is sequential and practical: start with the
tasks where Al already provides value, add structure, save what works, and extend to the full team
over ninety days.

DAYS 1-30 DAYS 31-60 DAYS 61-90

» |dentify your top 5 recurring » Add Structured Data Drop » Deploy Decision Memo
Al tasks template for financial reviews Generator for next escalation

> Install Role-First Opener > Build Few-Shot Calibrator with > Add Dispute Analysis template

template for all communications

> Save your first 3 good prompts
ina shared doc

> Apply privacy placeholder habit
to every prompt

> Use Explainer Template for next
legal/UCC question

1 existing good letter

Add Constraint Frame for next
contract review

tolibrary

Set up Custom Instructions in
ChatGPT or Claude Project

Review and refine all saved
prompts based on outputs

Hold 30-min team session:
share what's working

Audit prompt library: archive
weak prompts

Circulate library to full team;
standardize 6 core templates

What Success Looks Like at 90 Days

A credit department that completes this 90-day arc can reasonably expect to have six to ten
saved, tested, named prompt templates covering the majority of its Al-assisted tasks. Every
team member is likely to be using the same starting points for communications and analysis.
Privacy habits should be more consistent across the team. Team members are far less likely
to produce wildly different output quality from the same Al tool. The credit manager should
spend less time rewriting Al drafts and more time on the judgment work that Al cannot do.

Turning One-Off Al Chats into Reliable Credit Workflows
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A Foundation Worth Building

The credit profession is among the most judgment-intensive in business finance. Every account
decision involves information no scoring model fully captures: the relationship, the track record, the
read on a customer’s trajectory. That judgment is irreplaceable.

What is replaceable is the time spent writing the fourth version of a collection letter this week, or
rebuilding a financial statement analysis from scratch because the last one was never saved. With the
right structure, Al handles the drafting and analysis scaffolding, freeing credit professionals to spend
their time on the decisions that actually require judgment.

“The shift from ‘I asked Al a question’ to ‘we have a system’ requires a shared
document, a privacy habit, and a deliberate approach to prompt design.”

For teams already operating lean with high decision volume, that’s a worthwhile trade. Credit
professionals are already using structured prompts to cut collection letter drafting from twenty
minutes to two, produce consistent financial risk summaries across analysts, and walk into dispute
conversations with a documented position rather than a blank page.

The next layer is learning to work with Al more deliberately: moving beyond individual prompts to
managing context across sessions, setting persistent instructions that encode your department’s
standards, and eventually connecting Al to the tools already in your workflow, without compromising
the privacy practices this guide establishes.

The professionals who build that foundation now will move up that curve faster
and get more from every layer that follows.

handle.com Turning One-Off Al Chats into Reliable Credit Workflows
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handle.com

Handle is the new approach to
construction payments and lien
management. Handle software
optimizes your current lien and
notice management workflows
toincrease all credit and finance
efficiency.

Handle's technology is purpose
built for material suppliers and
contractors to manage the entire
process of payment compliance.

N\

National Association of Credit Management

National Association of Credit
Management (NACM) is a national
organization of business-to-
business credit managers. NACM
was founded in 1896 to promote
good laws for sound credit, protect
businesses against fraudulent
debtors, improve the interchange of
credit information, develop better
credit practices and methods, and
establish a code of ethics.

NACM is a member-governed
association that exists primarily

to serve and support its members,
including by representing business
credit grantors in all industries

and enhancing, promoting, and
protecting the interests of business
credit.
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